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Letter from the Executive Director

As the busy mother of two school-aged kids, | know how stressful it is to not be able to get them the care they need
quickly and reliably. There are monthly struggles with medication refills, not knowing whether they need to see a
doctor after office hours, or finding high-quality clinical care for more complex conditions. Even as a healthcare
expert, | regularly bump up against the failures of our system. For families across the country, especially those in rural
and underserved communities, today’s healthcare is too often hard to navigate, slow to access, infuriatingly opaque,
and prohibitively expensive. There simply isn’t enough clinician attention to go around, and this is part of why costs
keep climbing and why people who need care don’t get it.

This report, which calls for accelerated development and deployment of clinical applications of Al, comes from a sober
perspective: the road ahead will take a lot of work to get right, and we can’t afford not to try. We will take safety seriously.
We will monitor performance and impact along the way. And we will remain attuned to real concerns from patients

and clinicians.

But let us be clear: If Al can improve even a fraction of today’s healthcare challenges, we have to do the hard work to
realize its potential. Not out of a cavalier belief in the power of technology, but out of the urgent need to deliver better,
more accessible and affordable care to our families.

Take one example: high blood pressure. Four out of five people diagnosed with hypertension are not in blood pressure
control. Most of those people see a doctor regularly, and we have low-cost medications that are effective at treating
hypertension. Yet, amidst many other demands on a primary care doctor’s time, too often high blood pressure is not
the top priority in a given visit. But what if Al-enabled technology could monitor and manage blood pressure between
visits—getting more patients into control and leaving time for doctors to focus on other issues?

Al already assists clinicians with existing tasks, including clinical decision support, documentation, and billing.
Increasingly, it can take on aspects of direct care delivery, such as screening and diagnosis, remote monitoring, and
medication prescribing. That means patients can receive care between visits, and clinicians can focus on the more
complex cases that demand their expertise and attention.

In considering whether to adopt Al in clinical care, we cannot compare its impact against some idealized, always-
available physician with endless knowledge and patience. We need to ask whether the solution can improve outcomes
in the real world that exists today. For too many patients, their reality is low-quality care, delayed care, or no care at
all—due to cost, access, or both. Measured against that reality, Al-enabled care can offer real benefits if it is well tested,
carefully deployed and overseen, and appropriately reimbursed.

Today, the clinical applications of Al with the greatest potential to expand access are stalled while administrative
billing and documentation tools are proliferating and being used to drive up healthcare costs without improving health
outcomes. On our current trajectory, Al is set to exacerbate existing system failures.



If, instead, Al is going to play a role in solving healthcare’s most intractable problems, we need a deliberate and
concerted effort to build the right incentives, guardrails, and delivery models. This demands a focused effort across four
domains: (1) generate better evidence about what works; (2) enable coverage for Al tools that deliver care with limited
clinician involvement by updating licensure and liability rules; (3) build payment models that reward outcomes rather
than activity; and (4) redesign workflows and train the workforce to use Al effectively in care delivery.

PHTI will continue to advance these aims through partnership, research, and dialogue. Others in the sector must take
action and lead where they have expertise and authority: policymakers need to modernize regulatory oversight and
licensure to ensure safety and enable the use of effective solutions; health systems and providers will need to redesign
care delivery models and support their workforce through this transition; and health technology companies and
investors must build the evidence that proves what works.

Al offers us an opportunity to build the healthcare system that works for patients—affordable care that is accessible
when we need it. This roadmap lays out the necessary steps that can make it a reality.

Lol Fern

Caroline Pearson, Executive Director
Peterson Health Technology Institute
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Executive Summary

Artificial intelligence (Al) has the potential to transform healthcare delivery and administration by performing
clinical and administrative tasks that have previously been constrained by human expertise and workforce
capacity. Al creates new capacity in two ways: it can enable the existing workforce to do more (assistive Al),
and it can directly execute tasks and deliver care (autonomous Al). If deployed effectively, Al could

expand access to care, improve outcomes, and lower spending. Savings generated by health Al should

be used to reduce total system costs, including lower premiums and cost-sharing, for patients, employers,

and taxpayers.

Whether Al realizes this potential, however, will depend heavily
on the financial incentives that guide its deployment. When
incentives reward transactions, documentation, billing activity,
and administrative processes, Al accelerates those activities. If
incentives reward improved patient outcomes, expanded
access, and administrative simplification, Al will accelerate
those goals. Unfortunately, today’s healthcare system heavily
rewards the former—uwhich, left unmanaged, will lead to more
administrative activity, complexity, and spending without
commensurate improvements in patient outcomes, access,

or affordability.

The early experiences of administrative and clinical Al adoption
illustrate this challenge. Applications that fit within today’s
fee-for-service incentives—particularly in administrative Al—
are spreading most rapidly, despite limited evidence of
system-wide benefit. In contrast, many clinical Al applications
with the greatest potential to improve access, quality, and
affordability continue to face significant barriers to adoption,
despite growing evidence of their value.

High-value Al measurably improves
health outcomes, expands access to
care, and lowers spending.

In the near term, adoption of Al-based care should focus on
the treatment of health conditions that are access-constrained
and have measurable outcomes, such as hypertension

or mental health needs. With appropriate safeguards and
oversight, these applications of clinical Al stand to deliver

the greatest benefits by expanding capacity to deliver care for
undertreated populations. Measurable outcomes are important
for monitoring the performance of these technologies and

for determining appropriate payment. Early use cases should
demonstrate that Al can deliver safe and effective care across
populations and settings, which is necessary for broader adoption.



Using Al to drive better health and broader system efficiency
will require intentionally building an environment that
accelerates high-value Al and discourages uses that inflate
profits without delivering system-wide benefits. Supporting
new Al-enabled models of care delivery will require coordinated

Exhibit 1
A ROADMAP FOR SCALING HIGH-VALUE Al

action across multiple market and policy domains, including
understanding what works, establishing rules for coverage and
use, purchasing effectively, and redesigning care delivery, as
illustrated in Exhibit 1.
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Among these levers, payment is foundational because it
influences where investment flows, how evidence is generated,
which technologies scale, and whether Al is directed toward
more activity or better outcomes. By shifting payment over
time to models that reward measurable outcomes, we can
also redirect administrative activities to those that support
patient care and clinical outcomes.

Al presents both a generational opportunity and a generational
responsibility. Without deliberate action, Al risks amplifying
the inefficiencies and costs of today’s healthcare system.
Under the right conditions, it can expand clinical capacity

to meet a growing demand that cannot be addressed by the
current workforce alone, improve outcomes, reduce
healthcare spending, modernize the workforce, and

simplify administration.

Key Findings

Al is fundamentally different from prior health
technologies because it can autonomously perform work
that previously required human labor and expertise.

Under current incentives, administrative Al entrenches
inefficient workflows and drives inflationary billing,
rather than eliminating waste.

Al has the potential to meaningfully improve clinical
care, yet adoption remains limited by the current
payment, purchasing, and policy environment.

Payment reform can accelerate adoption of high-value
clinical Al. Outcome-based payment is an important
starting point.



About This Report

PHTI convened leaders from health systems, medical societies, health plans, technology companies,
academia, investment firms, patient groups, and federal government agencies—including practicing
clinicians—for a series of workshops across 2025 and 2026 focused on:

e Clinical Al: What evidence, performance monitoring, and
regulatory environment will be required for clinical Al to be
adopted at scale?

e Administrative Al: How can Al be used to simplify
administrative processes and reduce spending?

e Payment for Clinical Al: How should payment support
adoption of Al to improve clinical outcomes while driving
down the total cost of care?

Based on discussions during the workshops, as well as
supplemental interviews with experts, this report sets out
PHTI’s recommendations to accelerate the adoption of
high-value Al in healthcare that measurably improves health
outcomes, expands access to care, and lowers spending.

Definitions

We conclude that the healthcare system must intentionally
build an enabling environment that directs Al toward
measurable improvements in outcomes with clear guidance
for coverage and use, while ensuring that Al can be
purchased effectively and applied productively (see

Exhibit 1). Al's impact will not be determined by its technical
capabilities alone. How it is adopted, what it is rewarded for
doing, and the environment in which it operates will ultimately
determine the value it delivers.

Without intentional and coordinated action, market forces will
continue to steer Al investment and adoption toward activities
that reinforce a high-cost, activity-based system—rather

than toward innovations that measurably improve care and
reduce costs.

Clinical Al: Al technologies that assist or perform activities related to the screening, diagnosis, treatment, or management

of health conditions.

Administrative Al: Al technologies that assist or perform operational and administrative functions. In this report,
administrative Al focuses on transactional activities associated with payment, including prior authorization, coding,

and billing.

High-Value Al: Al that measurably improves health outcomes, expands access to care, and lowers spending.
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An Opportunity to Transform Healthcare:

Why Al Is Unique

Al is fundamentally different from prior health technologies because it can autonomously perform work that

previously required human labor and expertise.

Al represents a fundamental shift in how healthcare can be
delivered. Most technological innovations to date generally
require active human oversight to complete tasks. Today, Al
can increasingly perform cognitive, clinical, and administrative
work that was historically limited by human time and effort.
In clinical care, Al systems can reason through cases and
generate diagnostic and treatment recommendations.! In
transactional activities, Al can document, code, support prior
authorization, and conduct patient outreach. Al creates this
new clinical capacity in two ways: by enabling the existing
workforce to serve patients more effectively and efficiently
(assistive Al) and by providing additional clinical services
directly to patients (autonomous Al). The same is true for
administrative capacity.

Al also makes it possible to move beyond healthcare’s
traditional reliance on discrete encounters and tasks.
Healthcare has largely been organized around visits and the
finite time clinicians and staff have available. Al systems can
operate continuously, asynchronously, and across large
populations, supporting longitudinal care, ongoing patient
management, and near-real-time administrative processing.
By decoupling output from workforce size and capacity, Al
enables the delivery of services at a scale that traditional
labor-based models alone cannot reach.

Together, these capabilities introduce a fundamentally new
paradigm for healthcare delivery—one in which technology
increasingly performs activities at a scale that cannot be
achieved by training and hiring more healthcare workers alone.
If deployed effectively, Al can expand access to high-quality
care, extend workforce capacity, reduce administrative
complexity, and improve affordability by enabling services

to scale at lower marginal cost.

But this future is not guaranteed. Despite growing evidence
that Al can transform care delivery, its adoption has been
primarily concentrated in administrative use cases, many
of which increase system activity and spending.

Clinical Use Cases

Clinical Al can address persistent healthcare challenges.

With expanded Al capacity, care teams can monitor more
patients, respond more quickly, and spend more time on the
aspects of patient care that require human judgment, personal
connection, and individualized decision-making. Early evidence
suggests that Al is capable of screening, diagnosis, treatment,
and management of health conditions. Al systems can identify
patterns that are difficult for clinicians to detect,? 3 recognize
patient deterioration earlier,* diagnose illness, € reduce risk of
clinical escalations,” and avoid downstream hospitalizations.®

Emerging evidence also suggests that Al systems may improve
patient engagement and access by making care available
when patients need it and allowing them to interact in

ways that are more convenient and comfortable.® Some
patients feel that interacting with Al is less stigmatizing than
traditional care.1® 1t

k& The biggest problem with mental
health care in America is not access,
it’s engagement.

People do not like the humans they are meeting. There is

data that mental health chatbots can get better engagement
than humans.”

As Al capabilities advance, they create the possibility of new
care delivery models in which responsibility for activities such
as monitoring, triage, diagnosis, treatment, and follow-up

is increasingly shared between clinicians and Al systems.
Exhibit 2 illustrates how the clinician’s role, care delivery,

and the potential for scale may evolve as care transitions
from traditional clinician-led workflows to Al-assisted care
and increasingly autonomous models.
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Exhibit 2

An Opportunity to Transform Healthcare: Why Al Is Unique

ILLUSTRATIVE CLINICAL Al EXAMPLES: EVOLUTION OF AI-BASED CARE DELIVERY MODELS

— s

Level of Al No Al Assistive Al Autonomous Al

Autonomy

Clinician Clinician performs all Al performs some cognitive Al performs most cognitive work;

Role cognitive work work; clinician reviews and clinicians may oversee models
makes decisions and provide input as needed

Care Episodic Continuous monitoring and Continuous monitoring and access

Delivery access; episodic decisions

Potential Constrained; scale impacted Limited; requires clinician review High; enables population-level

for Scale by clinician capacity and approval for decisions health management

ILLUSTRATIVE CLINICAL EXAMPLES

Hypertension
Management

Patient takes blood pressure and
brings readings to visits; clinician
updates patient’s prescription

at visit.

Patient takes blood pressure;
Al continuously analyzes
readings between visits

and drafts prescription
recommendations. Clinician
approves treatment changes.

Al measures and continuously
analyzes readings between visits;
Al updates patient prescriptions,
in most cases, and flags high-risk
cases for clinician review.

Mental Health
Therapy (Anxiety
and Depression)

Patient waits for a scheduled
session with a licensed mental
health professional who provides
therapeutic support at in-person
or virtual visits.

Patient sends messages
between sessions; Al chatbot
drafts responses and symptom
summaries. Licensed mental
health professional reviews
and approves messages.

Purpose-built Al chatbot messages
the patient directly between
sessions, delivers therapeutic
content, and escalates high-risk
situations to a licensed mental
health professional.

Diabetic Ophthalmologist performs diabetic Al conducts the initial review of Al independently reviews retinal
Retinopathy retinopathy diagnostic assessment. retinal image; ophthalmologist image, provides a diagnostic
Screening reviews and confirms diagnosis. assessment, and escalates
complex or high-risk cases for
ophthalmologist review.
Low-Acuity Triage Patient presents in person; clinician Al assesses patient-reported Al assesses symptoms and delivers
(Urgent Care) performs diagnostic assessment symptoms and drafts a triage a treatment plan to the patient

and determines the treatment plan.

decision and treatment plan;
clinician reviews and approves.

and escalates high-risk cases
to aclinician.

Post-Operative

Patient attends a scheduled

Al triages patient-reported

Al clears uncomplicated recoveries

Follow-up post-operative visit regardless symptoms and images and without a visit and escalates high-risk
of recovery progress. recommends which require follow-  cases to the surgical team.
ups; clinician reviews and approves.
Inpatient Nurse records vital signs and Al continuously analyzes vitals, labs, Al continuously analyzes vitals,
Deterioration calculates an early warning score; and clinical notes and generates a labs, and clinical notes and
Monitoring clinician evaluates the patient when  deterioration risk score; care team initiates predefined escalation

the score crosses a threshold.

monitors and determines whether
to evaluate the patient.

protocols, such as activation
of a rapid response team
to the patient’s bedside.

12



An Opportunity to Transform Healthcare: Why Al Is Unique

Administrative Use Cases

Administrative waste is estimated at $350 billion annually,
with $266 billion attributed to administrative complexity and
$59-$84 billion to fraud and abuse.'? Al tools are already
being deployed by providers, health plans, and other
healthcare organizations to improve efficiency and reduce the
cost of administrative processes. For example, providers are
using ambient scribing, Al-assisted coding, chart abstraction,

Exhibit 3
ILLUSTRATIVE ADMINISTRATIVE Al EXAMPLES

Example

Description

chart summarization, and appeals-drafting tools to automate
documentation and administrative workflows. Health plans
are applying Al to support prior authorization, claims review,
and claims adjudication. Exhibit 3 includes examples of
administrative Al currently deployed—most of which automate
existing payment and billing transactions.

Al-Assisted Scribing and Coding Tools

Al transcribes a patient visit, generates a summary, and translates patient
conditions into standard codes to support visit documentation and medical billing.

Appeals Drafting

Al reviews a denial letter, pulls the supporting clinical documentation from the
chart, and drafts an appeal, citing payer medical necessity criteria.

Chart Abstraction

Al reviews unstructured notes, labs, and imaging reports to pull the specific data

elements a clinician or reviewer needs (e.g., prior therapies).

Parsing Complex Plan Policy

Al reviews a payer’s coverage policy and returns the documentation and prior
authorization requirements that apply to a given patient and service.

Claims Review

Al reviews submitted claims for coding errors or documentation mismatches

before payment, reducing denials and appeals.

Automated Eligibility and Benefits Verification

Al reviews applicant eligibility in real time, eliminating provider and health plan
back-and-forth.

Both the clinical and administrative examples illustrate
opportunities for Al in healthcare, many of which have the
potential to be high-value if deployed under the right
conditions. The clinical use cases demonstrate how Al could
expand access to care, improve outcomes, and make more
productive use of scarce healthcare resources through new
models of care delivery. The administrative use cases, by
contrast, illustrate the path Al is following today: automating

existing transactions and workflows, some of which are
increasing administrative activity and spending.

Al accelerates the processes and functions it is deployed

to support. Whether it helps solve healthcare’s persistent
challenges or reinforces existing inefficiencies will depend

on the incentives that guide where the technology is deployed
and scaled.

13



Accelerating Broken Processes:
The Risks of Administrative Al

Under current incentives, administrative Al entrenches inefficient workflows and drives inflationary billing,

rather than eliminating waste.

While Al has the potential to reduce complexity and streamline
healthcare administration, current applications are often
layered on top of broken workflows, lengthening adversarial
processes and increasing overall spending. While this may
create value for individual organizations (e.g., health plans or
hospital systems) by increasing revenue or reducing operational
costs, it does not necessarily translate into reduced time and
expense for the system as a whole, or even for individual patients.
In fact, efficiency and revenue gains at the organization level
can result in higher overall healthcare spending by increasing
billable activity or intensifying interactions between providers
and payers.

Prior Authorization

Prior authorization is the process in which providers get
approval from payers before delivering select healthcare
services or prescribing medications. The process is estimated
to reduce medical and drug spending by up to 5%.13 4 It is also

Exhibit 4

SIMPLIFIED VIEW OF Al SOLUTIONS IN THE MARKET TODAY

Provider Solution Capabilities

administratively burdensome, driven by inconsistent
requirements across payers and other operational inefficiencies.

The majority (60%) of prior authorization transactions rely on
phone- or fax-based workflows.'> Each prior authorization
submission cycle is estimated to cost health plans $40—$50
and providers $20—$30, as the process often consists of repeated
verification, documentation, triage, decision, and appeal cycles.®

Providers and health plans alike are investing heavily in Al to
automate prior authorization workflows to make them faster
and less burdensome.” For example, on the provider side, Al
solutions can draft medical necessity justifications, complete
submission forms, and generate appeals; on the health plan
side, Al solutions triage requests by complexity, route them to
resolution pathways, and provide decision support (Exhibit 4).
These tools enable providers to submit more complete requests
with less effort and health plans to process higher volumes of
submissions at a lower cost per decision.!®

—0

—0

. -

ORDER & SUBMISSION REVIEW & DECISION APPEAL
VERIFICATION e Extract EHR data TRIAGE ¢ Apply coverage e |[dentify
e Classify requests criteria appeal-worthy

e \erify patient
health insurance '

coverage

necessity

e Complete forms
¢ Draft medical '

e Automate '
routine cases

® |ssue approvals '
or denials (with

denials
e Draft letters

. Identify prﬁor justification ® Route higher-risk human oversight) andipacksis
authorization cases for review
requirements
L J U J L J

o

o

Payer Solution Capabilities
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Accelerating Broken Processes: The Risks of Administrative Al

However, the largest sources of administrative burden are not
the mechanics of completing prior authorization requests that
Al can automate—they are the complexity and variation that
underpin the process.

Prior authorization operates within a fragmented system of
payer-specific requirements and medical necessity policies.
Across four major U.S. insurers, more than 5,000 procedure
codes require prior authorization but only 3% of those codes
require prior authorization across all four payers.'® Definitions
of medical necessity vary across plans, reviewer discretion can
change determinations, and electronic health record workflow
limitations make it difficult for providers to access payer-specific
requirements at the point of care.

Moreover, costly administrative burden is often concentrated in
a relatively small subset of prior authorization requests
involving conflicting documentation requirements or disputed
interpretations of medical necessity. These cases are difficult
to identify at the point of submission, vary across payers, and
frequently require iterative review, direct clinician conversations,
and appeal cycles.

While Al tools are automating documentation, submission,
routing, and review processes, insurers and vendors have not
yet reported evidence that Al reduces the average cost per
claim after factoring in the cost of the Al solution.?® This reflects
two dynamics. Al automation does not address the underlying
variation in payer policies that drive the most complex,
contentious, and time-intensive prior authorization cases.

It also increases the speed of each prior authorization
submission, denial, and appeal, creating more back-and-forth

PRIOR AUTHORIZATION
Market Efforts

between payers and providers. As a result, Al designed
to optimize each side of the transaction makes the overall
process more activity-intensive, rather than more efficient.

Policy efforts increasingly focus on standardizing and digitizing
prior authorization data and infrastructure. These efforts are an
important step toward reducing administrative friction, adding
system-level value, and supporting use of Al, but they are
unlikely to address the largest sources of administrative
burden. Opportunities to build on current efforts include:

e Requiring health plans to publish machine-readable medical
policies and escalation pathways to allow providers (and Al
tools) to identify requirements before submission.

e Establishing requirements for electronic health record vendor
integration of standardized prior authorization application
programming interfaces (APIs).

e Requiring clear prior authorization decision rationale,
shifting responses from binary approvals and denials to
structured next steps (e.g., resubmit the prior authorization
with more information or identify an alternative treatment
plan for the patient).

e Monitoring denial patterns to identify policy gaps and
improve decision responses.

k& Al tools are flooding the system.

Bots don't get tired of asking questions, so my review queue
keeps growing.”

Emerging real-time adjudication models, including Optum Real?! and the Highmark and Abridge product collaboration,??
aim to complete the full prior authorization at the point of care. This would include integrating clinical documentation,

policy matching, and real-time authorization determinations.

Early pilots suggest real-time adjudication models could reduce initial denials and accelerate approvals of prior
authorization requests. Self-reported pilot results of Optum Rx’s PreCheck Prior Authorization with Cleveland Clinic
reported an 88% reduction in appeals and a 68% reduction in denials caused by missing information.23 Building the
evidence base for whether these types of early results can be scaled affordably and broadly into additional clinical settings

and contexts is critical.

Currently, the gap between pilots and generalizable solutions is substantial. Real-time adjudication requires reconciling
fragmented medical policies across health plans, navigating proprietary medical necessity criteria, managing variation in
clinical complexity, and building infrastructure for bidirectional data exchange. Expanding this model from pilots and
narrow use cases to a scalable solution across a broad, multistakeholder market will likely require further policy intervention.
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Accelerating Broken Processes: The Risks of Administrative Al

PRIOR AUTHORIZATION
Policy Efforts

Current policy efforts focus on standardizing and digitizing prior authorization data and infrastructure.

The CMS Interoperability and Prior Authorization Rule (CMS-0057-F) requires select health plans to implement
prior authorization APIs by January 1, 2027, enabling providers to determine prior authorization requirements,
retrieve documentation templates, and receive decisions electronically in real time. The rule also establishes

decision timeframes.?*

Building on CMS-0057-F, more than 50 health plans committed to voluntary reforms to simplify and improve the
prior authorization process.?® These efforts may reduce friction for straightforward prior authorizations but it is too

early to determine impact at scale.

Al Impact on Medical Billing

Al scribing and Al coding tools are now standard across health
systems: in a recent survey of large health systems, all reported
adopting Al tools for clinical documentation.?® Among clinicians
that use Al scribes consistently, emerging evidence suggests
that the tools can meaningfully reduce documentation-related
cognitive load and burnout.?’-2°

However, by generating more-complete clinical
documentation, these tools increase billing intensity across
evaluation and management and diagnostic-related group
complexity add-on codes. One multihospital health system
found that deploying an Al scribe in its ambulatory and
emergency department settings led to a 5% increase in Level 5
encounters and a 7% increase in Level 4 encounters for
established patients.® This translated to an average monthly
revenue increase of $1,004 per provider using an Al scribe.

The full impact of Al-supported documentation and coding
tools is not available in claims data given reporting lags.
However, health plans describe an immediate increase in
coding intensity when Al tools are activated, and major insurers
cite aggressive coding as a contributor to higher medical
expenditures.3t32 Several plans are deploying algorithms

k& We have a sicker population, and Al is
helping us capture more of the details.

The cost will explode unless we bring prices down. It’s basic
math—there’s nothing else that you can do.”

to identify coding outliers, adjust reimbursement, and
scrutinize claims.33 These approaches vary across payers,

are not well documented, and their impact on total cost of care
is not yet known. Al is accelerating growth in high-complexity
billing, which has already strained affordability in recent
years.3* The result is a trajectory that payers and patients
cannot continue to absorb.

These early experiences with Al in prior authorization and
medical billing offer a cautionary lesson about adopting Al:
the technology will maximize whatever financial incentives
are built into the system. Unfortunately, today’s system
rewards transactions, documentation, and billing activity,
instead of administrative simplification.
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Unrealized Potential:

The Promise of Al for Clinical Care

Al has the potential to meaningfully improve clinical care, yet adoption remains limited by the current

payment, purchasing, and policy environment.

Al enables an evolution in care delivery that expands clinical
capacity, improves access to care and health outcomes, and
extends high-quality care to underserved populations.

While there is potential for Al to improve care across many
conditions, its most immediate applications should be for
conditions where access to high-quality care is limited and
where outcomes can be measured to monitor performance.
Treating hypertension and mental health conditions, such

as anxiety and depression, using clinical Al could deliver
substantial benefits to patients. For each of these conditions,
Al models are increasingly capable of managing and treating
patients at low cost with limited human involvement.

In addition, an early focus on conditions with measurable
outcomes can provide the foundation for evaluating, improving,
and scaling Al-based models of care. Clear clinical endpoints
create meaningful goals against which performance can be
assessed, enabling developers, providers, payers, and
regulators to determine whether Al is delivering value to
patients. This accelerates evidence generation and helps build
the confidence needed for broader trust, adoption, and,
ultimately, payment.

Hypertension is one of the most prevalent and well-understood
conditions in the U.S., affecting nearly half of adults.3® Despite
the availability of effective and low-cost treatments, only one

in four adults with hypertension have adequate blood pressure
control.3¢ Effective hypertension management requires
ongoing monitoring, timely medication adjustment, and
sustained patient engagement. These activities are difficult to
deliver consistently through episodic, visit-based care.
Al-based care models can continuously monitor patients,
identify those who need intervention, and support treatment
decisions between visits. This creates a pathway toward more
proactive and scalable population management. Hypertension’s
well-established and readily measurable endpoints make it
possible to clearly assess whether these new models are
improving outcomes.

Emerging evidence and commercial developments show that
Al-based tools can improve blood pressure control (Exhibit 5).
Studies suggest that Al can perform hypertension management
tasks, including blood pressure screening and medication
management.3’-3° Companies are also beginning to automate
components of hypertension care,*® supported by new
regulatory and payment pathways for Al-based care.*
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Unrealized Potential: The Promise of Al for Clinical Care

Exhibit 5

HYPERTENSION MANAGEMENT: TODAY’S EVIDENCE AND COMMERCIAL FRONTIER

0 @ o ——

Before 2020

Foundational evidence
on assistive tools

2020-2023

Growth of
digital health solutions

2024-2026

Evidence expands to
support autonomous tools

EVIDENCE

e Randomized controlled trials
demonstrate safety and efficacy
of home blood pressure
monitoring tools.#?-44

e Studies validate telehealth and home blood
pressure monitoring as a safe and effective
alternative to clinic-based care.#

e Health system-led initiative demonstrates
that algorithm-driven remote hypertension
care can improve blood pressure control.48

e Researchers publish the protocol for a
small randomized pilot of an Al platform
for hypertension management.*?

e Pilot studies show that Al can predict
individual responses to blood pressure
medications and support safe,
effective smartphone-based
personalized dosing.52 53

Al model demonstrates accuracy
across multiple hypertension
management tasks, including blood
pressure screening, risk stratification,
and treatment decisions.?*

COMMERCIAL

e Connected home blood pressure

* Remote chronic care platforms for
hypertension management enter

FDA clearance of the first
over-the-counter cuffless blood

monitoring and voice-enabled
reporting tools enter the market,
enabling patients to collect and
share data remotely.*> 46

the market.5% 51

Mental health care represents a similar opportunity for
improvement, given that access to services remains severely
constrained. More than one in five U.S. adults suffer from
mental health symptoms, 38 yet few receive professional
treatment because of workforce shortages, cost barriers,
and stigma. In fact, almost half of the U.S. population lives

in a Mental Health Professional Shortage Area.®

Purpose-built mental health chatbots that meet rigorous
standards for safety could help fill these gaps by providing
continuous engagement, monitoring symptoms over time,
delivering evidence-based interventions, and escalating
patients when additional care is needed. While outcomes
for anxiety and depression are more complex than for blood

pressure monitor.5®

Commercial platforms begin
integrating with remote monitoring
and protocol-based medication
management to automate components
of hypertension care.%

New regulatory and payment pathways
emerge to support Al-based care

(e.g., FDA's TEMPO pilot, CMS’s ACCESS
model), including for hypertension.5”

pressure, validated scales that measure symptoms and function
provide reliable clinical endpoints that can be used to evaluate
the effectiveness of Al-based mental health treatment.

Emerging evidence and commercial developments show

that Al-based chatbots can reduce symptoms of depression
and anxiety, as well as support sustained patient engagement
(Exhibit 6). Clinically specialized Al chatbots can outperform
general-purpose large language models (LLMs) on clinician-
rated cognitive behavioral therapy competencies.®® In practice,
however, many users rely on general-purpose LLMs that

were not designed for psychotherapy or crisis intervention.
These models may reinforce harmful thinking rather than
challenge it.%
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Unrealized Potential: The Promise of Al for Clinical Care

Exhibit 6

MENTAL HEALTH CARE: TODAY’S EVIDENCE AND COMMERCIAL FRONTIER

0 o ——

Before 2020

Development of
rules-based chatbots

2020-2023

Growth of
digital health solutions

2024-2026

Growth of generative Al
and autonomous chatbots

EVIDENCE

e Rules-based chatbots show early
evidence of reducing self-reported
symptoms of depression and
anxiety.62 63

e Studies suggest that Al-based chatbots
reduce symptoms of depression, with
larger effects for generative and
multimodal models.®®

e Generative Al chatbot demonstrates
clinically meaningful reductions in
depression and anxiety, as well as
strong user engagement.®®

e Emerging evidence suggests that
clinically specialized large language
models (LLMs) outperform general-
purpose LLMs on clinician-rated
cognitive behavioral therapy
competencies.®®

COMMERCIAL

e Rules-based chatbots enter the
market.64 65
health tools.®”

Despite the clinical promise of Al and rapid advances in the
underlying technology, significant barriers to adoption remain.
Increasingly, however, those barriers are structural rather than
technological. Al capabilities are advancing faster than the
systems that set the rules and prepare the workforce for
healthcare delivery.

Today’s healthcare system is built around the assumption that
clinical work is performed by humans. Rules define who can
deliver care, which services can be reimbursed, how care can
be delivered, and who is accountable when something goes
wrong. Clinical Al challenges these assumptions, requiring new
approaches to authorize its use, integrate it into care delivery,
establish payment, and oversee it at scale.

e |ncrease in venture funding accelerates
commercialization of digital mental

e An early rules-based chatbot retires
its direct-to-consumer application
because of complexity and costs
related to marketing authorization.”®

e Consumers turn to unvalidated LLMs
for mental health advice.”*

e Several generative Al chatbots designed
for mental health use cases emerge.’> 73

Structural Barriers to Al Adoption

¢ Limited evidence and immature evaluation frameworks:
Evidence standards, safety thresholds, outcome measures,
performance benchmarks, and post-deployment monitoring
frameworks are underdeveloped for adaptive and increasingly
autonomous Al systems. Regulators, end users, and
purchasers lack approaches to determine which
technologies work, for whom, and under what conditions.
New evaluation approaches are needed to ensure the safety
of technologies that evolve over time and perform differently
in different environments. Additional testing and evidence
generation can help build provider and patient confidence in
Al-based care to overcome persistent concerns about safety,
reliability, transparency, bias, accountability, and the
appropriate role of human oversight.
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Unrealized Potential: The Promise of Al for Clinical Care

e Existing rules for technology coverage and use were

not designed for Al: Existing regulatory, professional,
liability, and coverage frameworks were designed for
clinician-delivered care and traditional decision-support
technology. As Al systems increasingly provide
recommendations or perform clinical functions
autonomously, unresolved questions remain regarding
accountability, liability, oversight, and scope of practice.
Today'’s liability rules generally place responsibility on the
supervising clinician or provider organization, creating
concerns about accountability for technologies they may
not fully understand, control, or develop. At the same
time, existing frameworks provide limited clarity regarding
how responsibility should be allocated among developers,
provider organizations, and clinicians as Al systems assume
greater autonomy in care delivery.

Payment models were not designed for technologies that
independently perform clinical work: Today’s healthcare
payment models—fee-for-service, pay-for-performance,
and capitation—were not designed for technologies that
can independently perform clinical work. As a result,
applying today’s payment structures to clinical Al creates a
structural misalignment. These approaches do not readily
accommodate technologies that automate clinical work,
assist clinician decision-making, or operate with increasing
autonomy. In fact, applying fee-for-service payment to Al
risks increasing spending. Establishing sustainable payment
for autonomous clinical Al is necessary to realize system
savings, drive further technological innovation, encourage
adoption by providers and patients, and justify the
implementation effort required for new solutions.

¢ Clinical and administrative workflows do not readily
integrate autonomous or Al-assisted processes:
Healthcare organizations continue to rely on care delivery
models, administrative processes, workforce structures,
and governance approaches that were developed for a
pre-Al environment. Integrating Al into care delivery
will require modernized workforce and organizational
capabilities.” Leadership and staff roles, workflows,
education and training, and oversight structures need to
be redesigned to work alongside Al systems. This shift will
also require changes to education, training, and workforce
development. Delivery models will need to restructure the
allocation of tasks to maximize the benefits of Al, while
deploying human effort to the highest-value tasks.

While addressing each of these barriers is necessary to drive
Al adoption, payment is a particularly important first step. It

determines whether organizations can justify the investments

needed to adopt and scale Al in the first place. Without a
reliable payment pathway, providers, investors, researchers,
and developers have limited incentives to absorb the costs
of activities like evidence generation, workflow redesign,
governance, workforce training, and performance monitoring.

As a result, payment is one of the most important determinants

of whether clinical Al moves from technical promise to
widespread adoption.
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Setting the Right Incentives:
How Payment Models Drive Al Adoption

Payment reform can accelerate adoption of high-value clinical Al, with outcome-based payment as an

important starting point.

Payment is the primary mechanism through which the
healthcare system communicates what it values. It determines
where investment flows and which innovations scale.
Organizations invest in technologies when payment and

incentives support adoption.

Exhibit 7

The Limitations of Today’s Payment Models

Fee-for-service remains the dominant payment model today.
It was designed to pay for human labor, time, and discrete
activities—not for technology (Exhibit 7). It assumes that

delivering more care requires more clinician effort, and,
thus, more payment.

OVERVIEW OF TODAY’S HEALTHCARE PAYMENT MODELS

Today’s

Payment
Models

FEE-FOR-SERVICE

Payment per visit, procedure,
or set of services rendered

Accounts for the majority
of healthcare payments*

PAY-FOR-PERFORMANCE

(e.g., quality bonuses, bundles)

Payment per service, adjusted on the
basis of quality and/or financial targets

CAPITATION

Fixed payment per patient per
period, regardless of utilization

oO—

oO—

Incentivizes volume
of services, procedures,
or visits

N

Incentivizes services
that support meeting
health outcomes
or financial targets
J

-

Incentivizes proactive
population health
management and

efficient use of resources )

Note: Health Care Payment Learning & Action Network (LAN), 2020—2021 Alternative Payment Model (APM) Measurement Report. *60% includes FFS with a link to quality and value;
85%—90% of services rely on FFS including APMs built on FFS architecture.
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Setting the Right Incentives: How Payment Models Drive Al Adoption

Exhibit 8

STRUCTURAL MISMATCH BETWEEN FEE-FOR-SERVICE PAYMENT AND CLINICAL Al

Today’s Fee-for-Service Payment Inputs

Structural Mismatch with Clinical Al

LABOR-BASED PAYMENT

Al decouples clinical output from
clinician effort and time.

&

I ENCOUNTER-BASED PAYMENT

Al enables continuous, patient-directed
longitudinal care.

&

I UTILIZATION-BASED ECONOMICS

These assumptions break down in the context of clinical Al.
Effective clinical Al generates more clinical output without a
proportional increase in clinician labor; delivers clinical value
without consuming clinician time; and enables continuous,
patient-directed care rather than discrete encounters (Exhibit 8).
At scale, because marginal costs resemble those of software
rather than labor, clinical activity can expand without a
commensurate increase in spending.

The mismatch grows more pronounced as Al autonomy increases
(Exhibit 9). Fee-for-service could partially accommodate assistive
clinical Al because a clinician remains heavily involved in care
delivery. Existing supervisory billing codes could be modified to
allow clinicians to bill for encounters involving oversight of
Al-generated clinical recommendations. Al used to interpret
mammaograms or chest x-rays, for example, can be reimbursed
today under existing Category 1 CPT codes.

Al marginal cost approaches token
consumption costs at scale.

&

As technology performs a growing share of clinical work
autonomously, there are fewer established payment options
and unclear mechanisms for determining how services should
be valued and paid for. It also raises questions about whether and
how technology developers or operators could be paid directly.

Today, providers deploying clinical Al primarily bill through
existing payment pathways and absorb the costs of these tools.
This approach may support limited adoption but is unlikely to
scale without a clear payment mechanism.

There may be focused use cases where fee-for-service payment
models for autonomous Al could be high-value, despite the
inflationary risk. As an example, fee-for-service payment may be
suited for autonomous diagnostics, where there is a necessary
task to be completed without a clear link to outcomes. However,
in most cases, fee-for-service creates the wrong incentives for
clinical Al. Because Al can scale at low marginal cost, paying

for each service or interaction can increase volume of billable
activity without necessarily better outcomes.
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Exhibit 9

STRUCTURAL FEE-FOR-SERVICE PAYMENT MISMATCH INCREASES WITH LEVEL OF AUTONOMY
Example: Hypertension Care Model

— e

Level of Al No Al Assistive Al Autonomous Al
Autonomy
Patient manually tracks blood Al continuously monitors blood Al continuously analyzes blood
pressure and a clinician reviews pressure and drafts titration pressure and delivers medication
the data to create a titration recommendations, which a titrations to the patient with
plan at each visit. clinician must approve minimal clinician involvement.
before action.
Labor-Based Clinician work drives care; payment Al may compress clinician Minimal clinician work involved;
Payment maps to time spent with and effort and time oversight only

complexity of patient

Encounter-Based
Payment

Care is mostly episodic,
visit-focused

Al performs activity
between encounters

Al monitoring and titration
replace encounters

Utilization-Based
Payment

Volume limited by
clinician capacity

Al may enable increased volume
of activity per clinician and
increase costs

Al-created potential for cost
inflation with near-zero marginal

costs and unlimited potential
for scale

Overall Fit with FFS
Payment Model

‘ GOOD

D PARTIAL

O POOR

Performance-based and capitated models are better suited to
Al because they shift incentives from volume toward value and
outcomes. But as designed today, these payment models do
not create sufficient incentives to justify the workflow redesign,
operational changes, or upfront investment required to support
adoption of clinical Al.

Adoption will be driven less by technical capability than by
what the system pays for. Healthcare faces a choice: maintain
a cycle in which limited payment constrains deployment—
slowing evidence generation and trust—or develop payment
models that accelerate both evidence development and adoption.

The Case for Outcome-Based Payments
for Clinical Al

Healthcare delivery and administration are largely organized
around billable services. Clinical workflows generate reimbursable
encounters, tests, procedures, and prescriptions, while
administrative workflows support the documentation, coding,

prior authorization, claims processing, and reconciliation required
to receive payment. Al has advanced most rapidly where it
reinforces existing structures. Al scribing, coding tools,
claims-processing applications, and prior authorization solutions
reduce manual effort, accelerate transactions, strengthen
documentation, and improve revenue cycle performance, offering
organizations a clear and immediate return on investment.

Many promising clinical Al applications create value differently.
Rather than enabling additional billable activities, the technology
may reduce clinician time, automate care delivery typically
conducted by a clinician, or enable more continuous and
scalable care. Although these technologies could improve
outcomes, expand access, and lower total costs, their value
does not translate into dependable revenue under
fee-for-service payment built around clinician time and
discrete encounters. As a result, the market rewards Al that
optimizes transactions more readily than Al that transforms
care delivery.
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&£ Implementing new technologies
requires significant change
management.

Even in ACOs, where the incentives are aligned to support

technology adoption, we found clinician resistance
to changing the way they work.”

Even in capitated and full-risk environments, where incentives
are aligned toward reducing total cost of care, adoption of
digital health technologies has been slow. A national survey of
276 organizations with Medicare or Medicaid accountable care
organization contracts found that only one-third adopted digital
health technology for a high-priority, pervasive chronic
condition, and those that did used it to complement rather
than replace traditional care.” 76 Without deliberate payment
and workflow redesign, clinical Al is likely to face many of the
same barriers to adoption.

Outcome-based payment represents an important starting
point for shifting investment toward high-value clinical Al.
When payment is tied to measurable results, the incentive

is to improve outcomes and reduce spending. This creates a
business case for overcoming the structural barriers to clinical
Al adoption, including evidence generation, workflow redesign,
and organizational change. Organizations are more likely to
invest in this work when there is a clear path to compensation
for outcomes and cost savings generated through Al-based
care. Without such pathways, healthcare may never be able

to determine whether Al will allow us to deliver better outcomes
at lower costs.

Importantly, Al-based care models allow outcomes to be
measured beyond an individual encounter level. These models
create value through continuous monitoring, treatment
optimization, and longitudinal disease management. The
outcomes that Al systems help produce may be best assessed
across episodes of care and throughout a patient’s longitudinal
care journey, rather than through a single visit or intervention.

The CMS Innovation Center’s ACCESS (Advancing Chronic
Care with Effective, Scalable Solutions) outcome-based
payment model does not require the use of Al, but its structure
accommodates and encourages technology in ways that
traditional payment models do not. Because ACCESS rates are
relatively low, there is a strong incentive for entrants to leverage
highly automated or Al-based tools to support patients at a
lower cost. ACCESS also requires participants to report outcomes
through standardized APIs. This creates a real-world, national
mechanism for Al-based care models to compete and be
evaluated. Ultimately, healthcare must establish pathways to
evaluate the ability of Al systems to deliver improvements in
outcomes and efficiency. Payment models tied to real-world
value provide an important starting point to accelerate this shift.

However, no single payment model will support Al-enabled
care across all use cases and clinical settings. Outcome-based
payment, for example, is not well suited to settings where
outcomes are difficult to measure or attribute to a specific
intervention, such as primary care. For some use cases,
fee-for-service payment with a built-in price reduction
mechanism may be the most appropriate option. Further work
is needed to design payment models for a range of Al-enabled
care applications.

How Payment Reform Could Redirect Al Toward Administrative Simplification

Payment reform can change today’s incentives and redirect Al toward administrative simplification. Under
fee-for-service payment, the system must verify that each service happened and that it was medically necessary.

This creates administrative processes including prior authorization, time-based tracking and reporting, encounter-level
documentation, coding review, claims adjudication, and appeals.

Under outcome-based payment models, the administrative activity associated with each billable service becomes
less central. Instead, administrative functions shift toward processes that support care delivery and accountability,
such as outcomes measurement, quality reporting, population attribution, and risk adjustment with the goal of

improving patient care and performance.
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The Path Forward:
Proactive Development of High-Value Al

Al presents a generational opportunity to improve health outcomes, expand access to care, and reduce
healthcare spending. It also creates a responsibility to ensure that policy and market incentives direct
investment and create the right ecosystem for technologies that produce meaningful, system-level value—
not simply more transactions and spending.

To achieve this vision for high-value Al in healthcare, policymakers
and market leaders must advance a coordinated approach to
build conditions that ensure clinical and administrative Al will
add value to society (Exhibit 10). These efforts must include

identifying which Al-based care models are effective,
establishing rules for coverage and use, effective purchasing,
and redesigning care delivery and administrative workflows.

Exhibit 10
A ROADMAP FOR SCALING HIGH-VALUE Al

DOMAIN 1
UNDERSTAND WHAT WORKS

—A—
Generate real-world evidence
—B—

Assess outcomes and monitor
ongoing performance
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> Build patient, provider, and o)

o purchaser confidence cC
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wl Al'into care models Update licensure -
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- Eliminate adverse Define coverage B

Ll administrative _ across payers m

a processes >

o A %
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The Path Forward: Proactive Development of High-Value Al

The roadmap is organized around four domains, each of which
must advance to build an enabling environment for high-value
Al adoption:

DOMAIN  Understand what works: Invest in an evidence
ecosystem to understand which clinical Al tools work,
1 for whom, and under what conditions. This will
require developing evidence standards, defining
outcomes measures, and building benchmarking frameworks

that allow purchasers, researchers, and end users to evaluate
performance across tools, populations, and settings over time.

¢ Generate real-world evidence: Al may perform differently in
different populations, settings, and workflows, or when used
by clinicians or staff with different levels of training and
resources. While studies in simulated settings suggest Al
may outperform physicians at specific clinical tasks,””
evidence that Al can manage care and improve outcomes in
real-world settings remains limited.”® 7° Initial testing and
ongoing real-world evidence generation are essential to
determine whether a tool improves outcomes in practice.
Federal and state demonstrations, regulatory sandboxes, and
commercial pilots should allow promising technologies to be
tested with clear safeguards. These initiatives should have
defined evaluative endpoints against an established

EXAMPLES OF PROGRESS
Generate Real-World Evidence

comparator. These programs should also identify the
evidence required to advance beyond the pilot and the
conditions under which testing will be modified

or stopped.

Assess outcomes and monitor ongoing performance:
Providers, payers, associations, and healthcare quality
organizations should identify specific outcome measures
and define the level of improvement needed for Al
technologies to succeed within a given clinical context.
These measures should focus on meaningful clinical,
operational, patient experience, and spending outcomes,
rather than on process measures. Evaluation frameworks
should enable transparent and comparable assessment of
Al technologies while allowing benchmarks, comparators,
and success thresholds to reflect real-world needs. In most
cases, Al should be evaluated relative to current standards
of care and existing access to services, rather than to
idealized care models that may not be attainable in practice.
Target metrics can help focus efforts and provide innovators
and investors with greater clarity regarding the outcomes
that matter most for adoption and scale. Clear assessment
leads to improved evidence generation and more confidence
in solution performance by the entities that purchase and
use the technology, including clinicians and patients.
Further, continued monitoring (e.g., postmarket surveillance

State Regulatory Sandboxes: The Utah Office of Artificial Intelligence Policy’s (OAIP) Al regulatory sandbox approved a
pilot that allows an Al system to provide routine, low-risk prescription renewals without any human involvement for patients
with chronic conditions.2® OAIP subsequently published evidentiary expectations for healthcare Al sandbox participants,
including benchmarking performance against independent clinician assessments and establishing criteria for adjusting
oversight and pilot continuation.® Other states are exploring or are in the process of developing sandbox initiatives,

including Delaware®? and Connecticut.®

FDA: The FDA is testing new approaches to the oversight of digital health technologies through the voluntary Technology-
Enabled Meaningful Patient Outcomes (TEMPO) pilot, launched in coordination with CMS’s ACCESS model.2* TEMPO
creates a pathway for select digital health devices supporting care under ACCESS to reach patients through a more flexible
approach to FDA oversight of digital health devices, while participating manufacturers collect and share real-world data on
their performance. The pilot focuses on technologies addressing cardio-kidney-metabolic, musculoskeletal, and behavioral
health conditions. By generating evidence on how these technologies perform in real-world settings, TEMPO could help
inform future approaches to device oversight that support technology innovation while maintaining appropriate safeguards.

Advanced Research Projects Agency for Health (ARPA-H): ARPA-H’s Agentic Al-Enabled Cardiovascular Care
Transformation (ADVOCATE) program is testing the frontier of clinical autonomy by funding the development of an
FDA-authorized cardiovascular agent capable of taking actions alongside supervisory Al designed to monitor its
performance. ARPA-H committed $62.7 million to the program over four years.8>
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EXAMPLES OF PROGRESS

Assess Outcomes and Monitor
Ongoing Performance

FDA: In August 2026, the FDA released a discussion
paper seeking feedback on generative Al-enabled
medical devices, specifically focused on risk assessment,
premarket evaluation, postmarket monitoring, and

other relevant areas.®® The paper highlights the FDA’s
recognition that traditional evaluation approaches may
be insufficient for generative Al technologies and explores
new frameworks for assessing safety, effectiveness,
autonomy, and real-world performance across the total
product lifecycle. The agency proposes a competency-
based evaluation model, enhanced postmarket
monitoring, and risk-based oversight.

for FDA-regulated products) is necessary to detect
performance degradation, unintended consequences,
disparities, and emerging risks as clinical practices, patient
populations, data inputs, evidence, and the tools evolve.

Build patient, provider, and purchaser confidence:
Confidence in Al-based care relies on clear, transparent
evidence of what works, for whom, and under what
conditions. Early use cases should demonstrate that Al
can deliver safe and effective care across populations
and settings, which is necessary for broader adoption.
Findings from real-world evidence generation, outcomes
assessment, and performance monitoring should be
reported transparently to support informed adoption
and purchasing decisions.

DOMAIN  Set rules for coverage and use: Al technologies that
demonstrate value should have a pathway from testing
2 to coverage. Policies should support responsible

deployment while additional evidence is generated.

model supervision, escalation, and accountability, with
requirements proportionate to a technology’s autonomy and
risk. Regulatory frameworks will also need to address when
and how Al can be authorized to perform clinical functions
traditionally reserved for licensed professionals. Lessons
from Al regulatory sandboxes, pilot initiatives, and other
real-world deployment can help inform future updates to
licensure requirements, scope-of-practice rules, and
professional standards for Al-based care delivery.

Clarify liability and insurance: Uncertainty regarding
liability remains a barrier to the adoption of clinical Al.

For example, stakeholders need clarity regarding
responsibility when Al makes a mistake or when a clinician
ignores an Al-generated recommendation. Today’s
malpractice frameworks were not designed for care models
in which clinical decisions may be shared among clinicians
and Al technology. How liability should be allocated in

these settings remains unsettled.® New frameworks need
to address questions related to oversight and supervision,
documentation of decision-making, malpractice, and
allocation of responsibility between the developer, clinicians,
or provider organization, depending on the level of autonomy.

Define coverage across payers: Policies should provide a
clear coverage pathway for high-value Al technologies and
ideally be aligned across payers. Payment demonstrations
and coverage policy should work together to support
responsible deployment. Coverage decisions should include
mechanisms to reassess performance over time and allow
policymakers and payers to adjust payment levels, impose
additional safeguards, limit use, or withdraw support when
value declines or risks emerge. Coverage and payment
should become more durable only when technologies
demonstrate performance in real-world settings.

EXAMPLES OF PROGRESS
Update Licensure and Scope of Practice

At the same time, policymakers, professional societies, regulators,
and payers will need to establish clear rules governing the
appropriate use of these technologies.

Federation of State Medical Boards: Professional
organizations are beginning to define how governance,
liability, and accountability should evolve as Al assumes
more clinical responsibility. In 2026, the Federation

of State Medical Boards established a workgroup to
develop recommendations for state medical boards,
focusing on Al performing clinical functions with limited
or no physician supervision.®”

¢ Update licensure and scope of practice: Existing rules
were designed around care delivered directly by humans
and do not fully account for technologies that provide
recommendations, perform discrete clinical tasks, or operate
with increasing autonomy. Policymakers and professional
bodies must establish clear standards for human oversight,
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The Path Forward: Proactive Development of High-Value Al

DOMAIN Purchase effectively: Even when clinical Al

demonstrates value, adoption depends on reliable
3 reimbursement and incentives to invest in the

technology and associated operational and change
management costs. Different Al applications may require
different payment approaches depending on the clinical use
case, degree of autonomy, and value being created.
Outcome-based payment models are an important place to
start because they align reimbursement with demonstrated
improvements in patient outcomes. Purchasers, payers, and
policymakers should evaluate vendors against established
outcome measures and develop payment approaches that
reward performance. Payment for Al is explored in greater
detail in the following section.

DOMAIN  Redesign care delivery: Clinical Al will not achieve
its full potential if it is layered onto existing
4 healthcare processes. Organizations will need to
rethink care delivery models, administrative
workflows, and the workforce to take advantage of Al's
capabilities while maintaining appropriate oversight,
accountability, and human judgment.

¢ Incorporate clinical Al into care models: Organizations
and developers will need to rethink how care is organized
and delivered as Al enables new approaches to continuous
monitoring, decision support, patient engagement,
administrative functions, and autonomous clinical care. This
will include shifting from episodic encounters to continuous
management and expanding population-based care models.

¢ Evolve clinical workforce roles and responsibilities:
Healthcare organizations will need to redesign staffing
models and train their clinical workforce in new skills.
Integrating Al into care delivery requires clinicians to work
effectively alongside Al and take on new responsibilities,
including supervising Al, validating Al outputs, coordinating
multiple models, and overseeing care across patient
populations. Organizations will need to determine which
functions should remain human, which can be delegated
to Al, and how roles and governance should evolve as that
division of labor changes. They will also need to address
the risks of deskilling through new models of clinical
education and training, ensuring that critical human
strengths are preserved.

¢ Eliminate adverse administrative processes: Al creates
opportunities to simplify workflows and reduce spending
on administrative waste. Organizations can use Al to reduce
manual work, improve efficiency, and lessen administrative
burden. Efforts should prioritize eliminating unnecessary
complexity and reducing system-wide waste rather than
accelerating the level of activity through automation. This will
require coordination among providers, payers, vendors, and
policymakers to ensure automation reduces rather than
exacerbates friction.

EXAMPLES OF PROGRESS
Advance Outcome-Based Payment

CMS: CMS’s ACCESS model is the most concrete step

to date toward a payment model that accommodates Al.
The 10-year, outcome-based payment model launched in
July 2026 with more than 160 participating organizations,
focusing on the management of chronic cardiometabolic,
musculoskeletal, and behavioral health conditions.®?

In spring 2027, CMS will expand ACCESS with new tracks
for heart failure, chronic obstructive pulmonary disease,
substance use disorder, and tobacco cessation.*°

EXAMPLES OF PROGRESS
Streamline Administrative Processes

CMS and ONC: CMS and ONC (Office of the National
Coordinator for Health Information Technology) are
advancing digital infrastructure to support Al-based

care. Efforts to expand Fast Healthcare Interoperability
Resources (FHIR) or FHIR-based interoperability,
standardized data exchange, and API-driven performance
reporting are creating foundational capabilities needed to
support outcomes measurement, evidence generation,
and technology-enabled care models at scale.® %2
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Paying for Al in Healthcare:
Three Principles to Drive Value

Payment policy will shape which Al technologies are developed, adopted, and scaled. Developing new
payment models can steer Al investment and adoption toward technologies that improve outcomes,
simplify administrative activity, and reduce healthcare spending. To achieve this, three core principles
should guide the design of future payment models for Al-enabled care.

1 Payment must produce system-level value by

lowering spending while maintaining or improving
clinical outcomes. Payment for clinical Al should be justified
only when Al demonstrably improves upon current care, such
as by producing better clinical outcomes, lowering spending,
expanding access to effective services, or achieving a
meaningful combination of these goals.

Value should be measured against what would have occurred
without the technology—not against an idealized standard.
Evaluations should account for the full impact on healthcare
spending, including whether savings in one area are offset by
additional testing, referrals, treatment, or administrative activity
elsewhere. They should also examine population-level effects,
recognizing that a low-cost intervention applied across millions
of patients can generate substantial aggregate spending even
when the cost per use is small.

Clinical Al should make the healthcare system more productive:
delivering better or more accessible care with fewer total
resources and lowering premiums and out-of-pocket costs for
patients and purchasers.

Payment should be tied to results and reward

appropriate utilization. Al fundamentally changes
the relationship between clinical activity and value. Once
developed, an Al system may be able to perform or support
millions of clinical interactions at a very low marginal cost.
Paying separately for every use can therefore create strong
incentives for unnecessary utilization and allow spending to
grow far faster than clinical value.

Payment for clinical Al should instead reflect realized
clinical or economic outcomes rather than time, effort,
or resource inputs.

Payment models should also incorporate explicit safeguards
against overuse, underperformance, and adverse patient
selection. These could include performance-based withheld
payments or price adjustments as utilization expands to
prevent overutilization and unconstrained spending. The
objective is not to simply pay for the use of Al, but to reward
appropriate deployment of the technology that generates
measurable value.

3 Payment must reward early innovation and adoption,
then evolve with evidence, performance, and the
changing clinician role. Payment systems for Al should be
more dynamic than those designed for traditional care delivery.
Rates should start high enough to stimulate early innovation
and adoption, then adjust as utilization scales, marginal costs
decline, and real-world evidence accumulates. Rates and
payment should be reviewed regularly rather than becoming
permanent based on early assumptions. Payment could
decline as technologies scale, increase when evidence
demonstrates greater value than initially expected, or end
when a service fails to deliver meaningful results. While
reducing payment is operationally and politically complex,
once technologies have matured and evidence demonstrates
that Al enables care to be delivered with fewer resources,
payment should reflect that new cost structure. Medicare’s
Physician Fee Schedule provides a precedent.

Payment must also account for and fairly compensate for a
rapidly evolving clinician role. As Al becomes more capable

of autonomous tasks, clinicians may spend less time directly
producing individual services and more time supervising Al
systems, validating outputs, managing exceptions, coordinating
care, and remaining accountable for the quality of care
delivered across a population. Payment policy should
incentivize the shift from individual encounters toward
population-level management.
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No single payment model will support Al adoption across all
clinical settings and use cases. Different applications of Al
generate different system value, require different levels of
clinician oversight, and impact patient outcomes over different
time horizons. Instead, new payment models for clinical Al must
be deliberately designed for specific contexts.

In the future, PHTI will develop more specific recommendations
for designing payment models that apply these three principles
across different settings and applications of Al. For instance,
while outcome-based payment models are well suited to
chronic condition management where there is consensus

on established clinical endpoints, Al-enabled care delivered

in urgent or primary care settings may require a different
payment approach. PHTI will explore a range of use cases

that may not lend themselves to outcome-based payments,

as well as questions on how to set pricing and how to reimburse
providers for oversight of Al systems.

The healthcare system must intentionally build an enabling
environment that directs Al toward measurable improvements
in outcomes, access, affordability, and administrative
simplification.

Al's impact will not be determined

by its technical capabilities alone.

How it is adopted, what it is rewarded
for doing, and the environment in which
it operates will ultimately determine
the value it delivers.

Looking Ahead

We are at a crossroads: Al could either help solve healthcare’s
longstanding challenges or accelerate the forces that created
them. The work ahead is to build the conditions that will enable
high-value Al. This is particularly urgent as clinician shortages
deepen and the U.S. population ages. The choices we make
today will determine whether Al becomes another layer of cost
and complexity or a catalyst for a more accessible, affordable,
and outcomes-oriented healthcare system. Realizing this
potential will require policymakers, industry leaders, providers,
and researchers to modernize payment models, strengthen
evidence and accountability frameworks, purchase effectively,
and redesign care delivery. Ultimately, lower spending should
translate to savings for patients, employers, and taxpayers and
lead to a higher-value healthcare system for all.
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